
Introduction
Optical flow / visual correspondences

Related work: cost volume filtering

Contributions
∙Efficient higher-dimension (4D) cost volume processing
∙ Separable volumetric filters: reduce computation and parameters
∙ Multi-channel cost volumes: capture multiple dimensions of pixel similarity
∙ Adaptive cost volumes allow networks to generalize across tasks: train and test a 

single network for both flow+stereo
∙ Results
∙ SOTA accuracy on optical flow benchmarks
∙ Training converges in up to 10X fewer iterations than prior art
∙  

Volumetric Correspondence Networks for Optical Flow
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Experiments
Benchmarks

Generalize: 1D to 2D disparity Application: stereo matching                       
                                                         with imperfect rectification

Ablation
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Code available:
github.com/gengshan-y/VCN
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* Metrics: Fl-epe is the average end-point (L2) error of optical flow vectors; Fl-all and D1-all are percentage of flow/stereo predictions with 
error less than some threshold.


